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The purpose of this study is to categorise 21 groundwater monitoring points in the min-
ing-affected valley of the Ogosta River in Northwestern Bulgaria according to the conditions
for arsenic contamination of the alluvial aquifer. The grouping of the sites has been performed
based on geochemical and geographical indicators using cluster analysis. Representative mon-
itoring wells have been selected from each group so as to optimise the monitoring program
and reduce the related expenditures. An attempt has been made to link the categories of pie-
zometers to the main geomorphological features of the river floodplain and to certain levels of
arsenic pollution of groundwater. The revealed patterns can be used for further examination of
the link between arsenic dynamics and the geographical settings of the river floodplain. The
established relationships are relevant to the environmental settings of a mountainous river of
medium size under temperate climate conditions.
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KJIaJIeHIM OT BCsika rpyna. HampaseH e onuT 3a NpocTpaHCTBEHO 0OBbP3BaHE HAa ChCTAaBEHU-
Te KIBCTEPH ¢ IIaBHUTE popmu Ha peneda B JOIMHHOTO ABHO Ha p. Orocra. I'pynupanero
Ha KJIQJCHINTE CE M3BBPIIBA C MOMOIITA Ha KIIBCTEPEH aHAIN3 Ha 0a3aTa Ha reorpad)CKu U
TEOXMMHUYHH MapamMeTpu. leorpadckute Mmoka3aTeay BKIIOYBAT OTHOCHTEIHO IPEBHIICHHUE
Ha TepeHa Hax peka Orocta, MomU(UIMpPaH TONOrpacKu MHIEKC HA OBIAXKHEHUE, Pa3HO-
ManabeH MHIEKC 3a 3apaBHEHOCT Ha JIOJIMHHY JIbHA, TOOrpad)CKH MHJIEKC Ha OTpa)kKeHHE Ha
CUrHajla OT BB3/YIIHOTO Ja3epHO ckanupane (topographic LiDAR intensity), HMBO Ha 1mon-
3eMHHTE BOJIM, CPE/IHA IBJIOOYMHA HAa PEUHUTE pasziauBy B nepuoga 1964-1970 r., orcrosnue
Ha MOHHMTOPHMHIOBUTE KiaJeHIM oT p. Orocrta M MEXaHHUYECH ChCTaB Ha MouBara. [pymara
Ha TEOXMMUYHHUTE ITapaMeTpH € ChCTaBEHA OT yCpPEeJHEHAaTa KOHLEHTpauus Ha AS B IEIH
MOYBEH MPO(UI 3a BCEKU OT IIyHKTOBETE, ChABPKAHHETO HAa apCEH HA pa3liMuHa ABJIOOUH-
Ha Ha TPYHTOBMTE BOAM — CpEJHa, MUHMMAIIHA ¥ MakCUMasHa, Chlbpkanue Ha Fe u Mn B
1oYBaTa KaTo OCHOBHU COpOEHTH Ha As ¥ akTuBHa peakums (pH) Ha nmousara. M3non3eanu
ca JiBa METoJa 3a KIbCTepU3alHs — HepapXuieH KIbCTepeH aHauu3 U K-cpeqHn BeInYnHH.
O6ocobenn ca Tpu rpymu knaneHnu. Kieerep 1 Bimousa nmesomerpure P4, P6, P11, P13,
P20, P25, xouto cberaBmsiBat 29% ot Opost Ha BcudkH ITyHKTOBE. KitageHure B Ta3u rpymna
UMaT Hall-BUCOKO CPEIHO ChIbpKaHUE Ha As B MOYBEHMS MIPO(UI, KOETO € B TPAHUIIUTE Ha
2232-10 328 mg/kg. [IpeBuiieHneTo UM CIIpsiMO peuHara Mpexa e ot 1,3 110 2 m, a cpeJHOTO
orcrosiHue oT pekata e 18 m. Kiberep 2 BiimouBa kinaaenuute P1, P2, P3, PS5, P8, P14, P15,
P16, P17, P21 (47% oT BCHYKHU KIIQJACHITN). YCpeIHEHATA KOHIICHTPAIHS Ha AS B TIOYBCHUS
npodun e B naTepBana 53-3874 mg/kg 3a oTmeNHUTE KITAJCHIIN, KaTO 3aMbPCSIBAHETO PSI3KO
HaMaJIsiBa B IBbJIOOYMHA. TepeHbT OKOJIO TE3H KIIaICHIU € C OTHOCUTEIHO MPEBUILICHNE CIIPSI-
MO peuHara Mpexa ot 1,2 10 3,5 m, a cpeTHOTO Pa3CTOSHUE MEXAY KJIaeHITUTE U peKara e 72
m. Kirectep 3 e nmpeacrasen ot P7, P9, P10, P12, P18 (23% ot Bcnuku myHkToBe). Tasu rpymna
ce opmupa NpearMHO OT (JOHOBH ITyHKTOBE. YCpeJHEeHaTa KOHIIEHTpaLus Ha AS B [104Bara
e Mexay 24 n 97 mg/kg 3a pa3nuUHUTE MHE30METPH, KaTo KOHIIEHTpaNUsITa Ha METaJIona
ocTaBa 1Mo4TH 0e3 U3MEHEHHUE 10 LeNust moYBeH npogui. [IpeBniieHneTo Ha TepeHa crpsaMo
p. Orocra e ot 3 o 6,1 m. CpegHOTO OTCTOSIHHE Ha ITyHKTOBeTe OT pekata e 302 m. [Ipwmio-
KEH € aHaJIU3 Ha OCHOBHATA KOMIIOHEHTA 3a OIIPE/IEIIIHE Ha TEeXKECTTa Ha BCEKH MapaMeThp 3a
(dhopmupaHe Ha OTICIHUTE KibcTepu. Hali-ronsiMo 3HaueHue 3a rpynupaneto Ha P4, P6, P11,
P13, P20 u P25 B equn KrbcTep MMa ChBbPIKAHUETO HA AS M IECHWINBUS MEXAaHUYEH ChCTaB
Ha rmouBata. Knagennure P1, P2, P3, P5, P8, P14, P15, P16, P17, P21 ce oOeauHsIBaT MO/ BIIH-
STHUETO Ha MoauuImpanus Tornorpadcku wHACKC Ha oBnaxkaeHue (SAGA wetness index),
pasHOMaIabHus WHACKC 3a 3apaBHEHOCT Ha MoiduHHU AbHa (Multiresolution index of valley
bottom flatness, MRVBF) u Tonorpad)ckust HHICKC Ha OTPAKEHUE HA CHTHAJIA OT Bb3IYIIHO-
TO J1a3epHO ckaHupane (topographic LiDAR intensity), KonTo XxapakTepu3upar yclioBUsTa Ha
OBJI&KHEHHE B [10YBaTa M Ha OTJIaraHe Ha PEeYHH HaHOCH B 3ajMBHara Tepaca. [lyHKToBETE
P7, P9, P10, P12, P18 ce obenuHsBaT B €IWH KIICTEP O] BIUSHIE HA OTCTOSHUETO UM OT .
Orocra, OTHOCHTEJIHOTO ITPEBUILICHNE HA TEPEHA HaJ PeKara, Ha KOHTO ca pa3NoIoKeH! Kila-
JICHIIUTE, HaJl peKara U AbIOOYMHATa Ha IPYHTOBHUTE Boau. IIpocTpaHCTBEHOTO 0OBBpP3BaHE
Ha KirbcTepute ¢ Mopdorpadcekure 0COOCHOCTH Ha OJMHHOTO IhHO Ha p. OrocTa Mo3BoiIsiBa
Jia ce 000CO0SIT TEPUTOPUH C XapaKTEPHH YCIIOBHS HA 3aMbpCSIBaHE Ha BOJIOHOCHUTE TIIACTO-
Be. [lyHKTOBETE C HAIl-BUCOKM ChIbpKaHMs Ha As B I04YBara, KOMTO 00pa3yBar Kibcrep 1,
ToTa/IaT B HUCKUTE y4JacThIM Ha HHCKara 3anuBHa Tepaca (low active floodplain). Kiragen-
IIUTE B KIICTEP 2, KOUTO CE OTIIMYABAT C MO-HUCKU ChABPKAHUS HA AS B TIOYBEHUS TPOQHI,
ce pasIoiarar Hai-uecTo B MO-BHCOKH YYacThIM Ha HUCKATa 3aJIMBHA Tepaca (upper active
floodplain). ®oHOBHTE IMyHKTOBE OT KIIBCTEP 3 Ca Pa3IoOIOKEHH BbB BUCOKATa 3ajMBHA Te-
paca (higher floodplain). 3a Bcsika rpyma ¢ onpezecH quana3oH Ha OYaKBaHUTE KOHIICHTPA-
MK Ha As B TIOJ3EMHHTE BOJHM Bb3 OCHOBA Ha JAHHUTE OT MOHMTOPHHTA 3a IIEPHOJA aBIyCT
2014 — aBrycr 2015 r. 3a xmageHnute ot xirbcrep 1 T e Hax 100 pg/l, B xirserep 2 e ot 10
mo 100 pg/l, a B xoreeTep 3 ce owyakBa na Obae mo-HuUcka oT 10 pg/l. BB Beska ot Tpute
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TPYIH ca ONpe/Ie/ICHH PEICTaBUTEITHY KilaieHIn. Ha ToBa ycioBue oTroBapsT HaOIr0IaTe-
HUTE IYHKTOBE, KOUTO B HAal-TOJISIMA CTEIICH OTpPa3siBaT yCJIOBUATA B rpyIaTa, JOCTHIIHH ca
3a mpoboHabupaHe, pa3nonarar ¢ Bb3MOKHO Hail-TbITa peuiia OT JaHHHU 32 CTATUCTUICCKU
aHAJIN3 W He TOMAIaT B MOJIMBHU IUTOMH. B kirbeTep 1 mpeacraBuTenHu KinafeHiu ca P13 u
P25, ot kirbeTep 2 ca uzbpanu PS5 u P14, a kaTo Hali-XapakTepHH 3a KI'CTEP 3 ca OnpeneaeHn
nyHkrosere P10 u P12. OmpenensiHeTo Ha ImpeACTaBUTEIHH KIIaJCHIIN 3a BCSIKA OT IPYTHTE
MoJiroMara ONTUMH3AIUATa Ha Pa3XoUTe 3a U3IIbIHEHHE HA MOHUTOPUHIOBaTa Iporpama 3a
W3CJIeIBaHE Ha JMHAMUKATA Ha apCeHa B TPYHTOBHUTE BOAM M BPB3KATa M C MIPUPOTHUTE yCIIO-
B B 3aJIMBHATa Tepaca. Pe3ynraruTe OT U3CIEABAHETO MOTaT [la TIOCTYKaT 32 MOJCITUpaHe
Ha TMPOCTPAHCTBEHOTO paslpeeiicHne Ha AS B TPYHTOBHTE BOJU.

Knwouoeu dymu: viepapXudeH KII'bCTEPEH aHaNU3, aHamu3 ¢ K-cpeanu BennunHw, ysi3-
BUMOCT, akTuBHa peakuus (pH) Ha nousara, sxensizo (Fe), manran (Mn), monuHara Ha peka
Orocra

INTRODUCTION

Arsenic (As) is one of the most toxic elements with concentrations in natural
waters ranging from <0.5 to > 5000 pg/l (Smedley and Kinniburgh, 2002). The long-
term use of drinking water contaminated with arsenic poses a risk to human health
and can lead to chronic poisoning (Brunt et al., 2004). According to the World Health
Organization (WHO) and the US Environmental Protection Agency (USEPA), the
safe concentration of arsenic in drinking water should not exceed 10 pg/l. Except for
natural origin, increased arsenic content in surface and groundwater might be due to
anthropogenic sources such as ore-extraction and flotation activities which very often
result in river water pollution. Water contamination with arsenic near mines and tail-
ings dams is registered worldwide, e.g. in Ron Fibon, Thailand (4.8-583 pg/l) (Wil-
liams et al., 1996), Ashanti, Ghana (<2-7900 pg/I-1) (Smedley et al., 1996), North-
western Canada (64-530 ng/l-1) (Bright et al., 1996), various states in the United
States (<1-34,000 pg/I-1) (Plumlee et al., 1999), and Xinjiang Province (Sun, 2004).

Many geochemical studies have examined arsenic contamination of aquifers,
the mobilization of the element and the factors which determine its concentration
in groundwater (Nriagu, 1994; Welch, Stollenwerk, 2003; Roberts et al., 2010). The
mobilization of arsenic and its infiltration from the soil into the groundwater depend
to a large extent on the ongoing geochemical processes. The fate of the element is
controlled primarily by the redox potential (Ascar et al., 2008), pH of the chemical
environment (Beighley et al., 2016), temperature, the concentration of adsorbents,
e.g. Fe-, Mn- and clay minerals (Smedley et al., 2001). The most significant mecha-
nism for the binding of As to the soil solid phase is the precipitation and adsorption
onto Fe(IlI) (oxyhydr)oxides and Mn oxides (Ravenscroft, 2009, p.32). Likewise, the
presence of manganese oxides in soil is reported to enhance rapid oxidation of dis-
solved Fe(Il) in soil solute, thus providing more intensive As (III) sorption by freshly
precipitated Fe(I1I) (Ehlert et al., 2016). Desorption and release occur upon hydroly-
sis of iron and manganese compounds as a result of their reduction under anoxic con-
ditions in the soil (Nickson et al., 2000; Bhattacharya et al., 2001; Zheng et al., 2004;
Carraro et al., 2015). The mobilization of As also depends on the alkaline-acid con-
ditions of the chemical environment. According to Beighley (2016), As (III) is most
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intensively sorbed at pH 8-9, while As (V) binds most strongly with ferric hydroxides
under the acid reaction of the medium. In addition to geochemical factors, the entry
of As into groundwater depends on the hydrogeological and landscape settings of
the study area, including depth to the water table, soil texture, water permeability of
sediments and rocks, terrain slope and groundwater recharge (Aller et al., 1987).

In order to use groundwater safely, attempts are being made to categorise the
waters according to their quality and to differentiate the territory by its degree of
pollution. Statistical approaches including different methods of clusterization are in-
creasingly used to classify geochemical information. Cloutier et al. (2008) use cluster
analysis to group 144 water samples by 47 parameters (physicochemical parameters,
micro- and macroelements) in order to differentiate the St. Lawrence River valley in
Canada by the chemical composition of groundwater. Hossain et al. (2013) investi-
gate groundwater contaminated with As in Bangladesh. The authors apply hierar-
chical cluster analysis to classify groundwater types based on twelve geochemical
indicators (pH, Fe, Mn, As, Ca, Mg, Na, K, HCO,, Cl, SO, and NO,). In 2002, Giiler
et al. conducted a study of groundwater chemistry in Southeastern California. The
authors used data on 39 hydrochemical variables including micro- and macroele-
ments, specific conductivity and pH, which was collected from 1063 wells in the
period 1964-1995. The purpose of the study is to separate the groundwater into dif-
ferent types of hydrochemical facies and to group the types of water by chemical
composition (pH, EC, Ca, Mg, Na, K, CI, SO,, HCO,, SiO,, F, TDS). Data analysis
is performed using hierarchical and K-means clusterization combined with principal
component analysis.

The valley of the Ogosta River in Northwestern Bulgaria is one of the areas in
the world with extremely high concentrations of arsenic in soils due to contamina-
tion from historic mining of iron- and gold-bearing ores (Mladenova et al., 2008;
Jordanova et al., 2013; Mandaliev et al., 2014; Simmler et al., 2016). Soil pollution
poses a significant risk of arsenic penetration into the alluvial aquifer, and prelimi-
nary studies indicate its possible contamination (Kotsev et al., 2006). The assessment
of groundwater vulnerability to arsenic contamination in the upper reaches of the
Ogosta River valley shows that increased levels of the pollutant are more likely to be
observed in the lower sections of the floodplain and less likely in the higher sections
(Stoyanova, 2015b; Stoyanova, Kotsev, 2016). A monitoring network of twenty five
wells was constructed in 2014 to determine the quality of groundwater. The purpose
of the present study is to classify the monitoring sites according to geochemical and
geographical parameters, and to link the determined groups to certain geomorpho-
logical features of the river floodplain. Representative sites need to be selected from
each category of monitoring wells, so as to reduce the cost of the monitoring program
on arsenic dynamics in groundwater.

MATERIALS AND METHODS
The study area is located in the upper stretch of the Ogosta River valley between

the village of Belimel and the Ogosta Reservoir (Fig. 1). The river springs are in the
Western Balkan Range and the river flows down through the Fore-Balkan region of
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Fig. 1. Location of the groundwater monitoring sites in the Ogosta River valley between
the village of Belimel and the Ogosta Reservoir (prepared by Zvezdelina Aydarova)

Northwestern Bulgaria. The investigated part of the valley is nearly 13 km long and
its width increases from 500 m to 1000 m downstream. The area covers more than
1179 hectares of the valley floor, most of which is arable land at an altitude between
189 and 300 m. The valley is sparsely populated with 1150 inhabitants living in six
villages (GRAO, 2019). Industrial extraction and flotation of Fe- and Pb-Ag ores
took place in the upper reaches of the Ogosta River in the period 1951-1999. A tail-
ings dam failure in 1964 and a series of consecutive floods in the following years
caused severe pollution of the Ogosta River floodplain with arsenic and heavy metals
(“Hristo Mihaylov” Mining and Processing Plant, 1973; Stoyanova, Kotsev, 2016).
Twenty-one piezometers of the groundwater monitoring network in the valley, locat-
ed in the investigated area, have been included in this study. The monitoring program
involves the measurement of river and groundwater levels, physicochemical parame-
ters and the content of macro- and micro-components (Stoyanova, 2015a).

The study has been carried out at six main stages: pre-selection of appropriate
indicators for clustering; study of the correlation dependence between the indicators
and selection of the final set of variables for clustering; grouping of wells using hier-
archical cluster analysis and the K-means method; comparison of the results obtained
by the two clustering methods; determining the final composition of the groups. Fi-
nally, each group is assigned to some of the major geomorphological forms in the
floodplain, depending on the location of the piezometers.
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The most important prerequisite for the pre-selection of clustering criteria is
their relevance to arsenic mobilization and pollutant penetration into the alluvial
aquifer. In general, the parameters can be divided into two groups —geochemical vari-
ables, and criteria that characterize the geographical settings within the river valley.
The average concentration of arsenic in the soil profile is the first variable to consid-
er among the geochemical parameters. The arsenic content at minimum, maximum,
and average depth of the groundwater table is also taken into account. The last three
indicators take into account the presence of contact between groundwater and highly
contaminated soil layers. Other features describing the geochemical conditions are
the content of Fe as a major sorbent of As, the content of Mn as a factor for enhancing
As sorption, and soil pH (Table 1).

Table 1
Geochemical indicators for grouping of monitoring wells
Site As* Mn* Fe* Seil As in soil As in soil As in soil

code | insoil | insoil | insoil | pH* at average |at maximum | at minimum

[mg/kg]| [%] [%] |(in H,0)| groundwater | groundwater | groundwater

level [mg/kg] | level [mg/kg] | level [mg/kg]
P1 93,1 0,1 3,7 7,7 423 61,3 32,3
P2 53,5 0,1 4,3 7,8 59,4 97,5 234
P3 | 1259,7 0,6 5,7 8,1 126,7 827,2 90,0
P4 | 22328 1,8 7,0 7,7 3149,0 7786,0 500,8
PS5 | 1098,9 0,3 5,1 8,0 35,7 41,4 39,7
P6 | 3900,2 0,7 8,0 7,7 960,5 11170,0 19,5
P7 | 2520,3 1,0 7,7 7,8 64,1 11310,0 66,5
P8 | 1262,4 0,5 5,7 8,7 516,0 134,8 31,6
P9 72,9 0,1 4,5 6,9 24,2 28,4 382,6
P10 29,6 0,1 4.4 7,1 35,8 28,7 35,8
P11 | 4563.,0 0,5 6,3 7,4 456,9 254,2 456,9
P12 28,6 0,1 4,5 7,5 31,6 27,0 35,7
P13 | 3538,8 1,9 10,4 7,5 3294,0 11450,0 813,1
P14 | 2287 0,2 5,1 7,9 73,1 856,7 74,3
P15 76,2 0,2 4,2 7,8 123,5 38,1 123,5
P16 70,4 0,1 3,7 7,5 47,2 73,0 14,7
P17 | 2483,5 0,7 6,5 8,2 199.,9 257,0 199.9
P18 90,2 0,2 5,1 7,7 94,7 12,3 71,9
P20 | 4957,6 0,8 7,9 8,4 3414 307,1 341,4
P21 | 3873,8 1,1 8,9 7,6 141,7 71,8 15,3
P25 |10328,0| 1,6 11,8 7,2 910,2 8064,0 372,7

* Average value for the entire soil profile
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Some of the geographical criteria relate to the conditions for sediment accu-
mulation and moistening in the floodplain, e.g. the multiresolution index of bottom
flatness (MRVBF) (Gallant, Dowling, 2003), the modified topographic wetness index
(SAGA Wetness Index) (Bock et al., 2007), the topographic LiDAR intensity, and
the average depth of simulated inundation during the floods in the period 1964-1970
(Table 2). Another part of the geographical parameters is associated with the level of

Table 2
Geographical indicators for grouping of monitoring wells
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the groundwater table such as vertical distance to the channel network (VDCN) and
depth of groundwater from the soil surface. The distance between each piezometer
and the Ogosta River channel is applied to indirectly characterise the intensity of
interaction between the river and the alluvial aquifer, as well as the accumulation of
alluvial deposits. As the biggest portion of contaminated sediments entered the flood-
plain during the 1960s and 1970s, the calculation of the distance to the Ogosta River
takes into account the position of the river channel available on 1:5000 topographic
maps issued in the period 1957-1969. The soil texture relates to the conditions for wa-
ter infiltration, as well as the adsorption of arsenic by the clay minerals in soils. The
well-known multiresolution index of bottom flatness MRVBF, SAGA Wetness Index
and VDCN have been obtained from terrain analysis of a digital elevation model with
a spatial resolution of 1x1m (Tcherkezova, 2015). The topographic LiDAR intensity
shows the degree of the laser beam reflection from the terrain using airborne LiDAR
scanning. LiDAR intensity is influenced by the wetness of the surface from which
the laser beam is reflected. Wetter soils have a lower degree of reflection compared
to drier ones. The degree of moistness on the surface of the terrain may depend on
the soil texture and groundwater level, which are part of the indicators used by the
DRESPI index to assess the vulnerability of groundwater to arsenic contamination
(Stoyanova, 2015b).

Field work on soil sampling and description of soil profiles was carried out in the
period 2013-2014. The soil pH was measured with a multimeter, model Eijkelkamp
18.5.01. The concentration of As, Mn and Fe in the soil samples were measured by an
X-ray fluorescence analysis (Stoyanova, 2015a). The ‘groundwater level’ indicator
was calculated as an average value of the measurements done in 2014-2019. Flood
depth was determined by simulations of the following historic floods in the Ogosta
River valley, using SWAT and HEC-RAS models: April 1964, April-May 1966, June
1967, June 1968 and May 1970. Flood modelling activities were carried out within
the ASCOR project (unpublished data).

The statistical analyses in this study have been performed by the R, V 3.6.0 (R
Core Team, 2019) software for statistical calculations and graphs. The correlation
between the indicators has been investigated using the Pearson‘s simple linear cor-
relation coefficient (r), visualized by a correlation matrix. The correlation analysis
has been carried out with the use of the rcorr function of the “Hmisc” — V 4.3-1 R
package (Franck, Harell, 2020). Hierarchical cluster analysis and the non-hierarchi-
cal K-means method have been both used for the grouping of the monitoring network
points. The hierarchical cluster analysis allows cluster formation sequentially, start-
ing with the most similar pairs of objects and further formation of higher clusters step
by step. The process of forming and joining clusters is repeated until a single cluster
containing all the samples is obtained. The result is shown as a dendrogram and pro-
vides a visual summary of the grouping process, presenting a picture of the groups
and their proximity (Kumar and Riyazuddin, 2008; Ielpo et al., 2012). The Aclust
function has been used in the “Factoextra” — V 1.0.6 R package, based on the “Ward‘s
method” (Kassambara and Mundt, 2019). The Euclidean distance and the method of
the smallest group differences have been used as a criterion for similarity. The plot
function of the“Factoextra” — V 1.0.6 R package has been applied for visualization
of the dendrogram.
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K-means cluster analysis is the most commonly used method of non-hierarchi-
cal clustering. The method groups the points around the nearest center of each cluster.
The results of the K-means algorithm are obtained after a small number of recalcu-
lations of the Euclidean distances to the cluster centers (Tchorbadjieff, 2019). The
actual number of recalculation in this case is 2. The method requires determination
of the number of clusters in advance. The fviz_nbclust function of the “Factoextra”
package — V 1.0.6 has been used for establishing the optimal number of clusters. The
K-means clustering has been performed by the kmeans function of the “Factoextra”
package — V 1.0.6. The result has been visualized using the fviz_cluster function of
the same package. The function performs principal component analysis to represent
the applied indicators by the fewest possible number of variables in two-dimensional
space without loss of information.

The results from the two clustering methods were then compared, while the final
composition of the groups of monitoring sites was determined by giving prevalence
to the indicators related directly to As concentration in the soil, and to groundwater
contamination vulnerability. The spatial distribution of each group has been linked to
the major geomorphological forms in the valley floor, previously identified by Tcher-
kezova (2015). The author classifies the topographic features of the floodplain into
24 geomorphographic units (GMUs). They can be grouped into higher classes which
outline low active floodplains at 1-2 m above the Ogosta River, upper active flood-
plain - at 2-3.5 m, and a high floodplain - at 3.5-6.5 m above the river. This grouping
coincides with the findings of Stoilov (1966) who separates a low floodplain terrace
with a height of 1 to 2.5 m and a high floodplain terrace - at 3.5-6 m.

RESULTS AND DISCUSSION

The presence of correlating indicators alters the result of clustering and group
similarities may not be fully reflected. Therefore, calculation of correlation depen-
dence is needed in order to eliminate highly correlated indicators before the cluster-
ing procedure. The correlation dependence between the pre-selected indicators in this
study is presented in the correlation matrix in Fig. 2. A significant positive correlation
was found between the average concentration of As, Fe and Mn in the respective soil
profiles. A similar connection between the three elements has been found in many
geochemical studies which described the role of iron and manganese oxides in As
mobilization (Zheng, 2004; Smedley, 2001; Carraro et al., 2015; Beighley, 2016).
In our case, the relationship between the concentrations of the elements is due to
the deposition of contaminated mine tailings, which in addition to As also contain
Fe and Mn. The average content of As in the soil profiles is also positively related
to the concentration of the element in the soil at average, minimum and maximum
depth of groundwater. Taking into account the above-mentioned relationships, only
the average concentration of As in the soil profiles is included in the cluster analysis.
A positive correlation was also found between the clay, the silt and the physical clay
indicator (<0.010 mm), and therefore, only the clay indicator was selected for the
grouping that followed.
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Fig. 2. Correlation matrix of pre-selected parameters for the grouping of the groundwater
monitoring sites (prepared by Zvezdelina Aydarova)

The dendrogram of the hierarchical cluster analysis shows the formation of three
clusters of wells (Fig. 3). The first group includes piezometers P4, P6, P11, P13 and
P25. Their sites are particularly distinguished by the highly increased content of ar-
senic in the soil. The second cluster includes the largest number of sites — P1, P2, P3,
P5, P8, P14, P15, P16, P18, P20 and P21, which are less contaminated compared to
the first group. The third cluster includes the monitoring wells P7, P9, P10, P12 and
P17. Most of the piezometers in this group exhibit low concentration of arsenic in the
soil profiles.

The optimal number of groups for the K-means clustering was determined to be
three (Fig.4). The clustering procedure produced a classification of the monitoring
sites which is identical to the results from the hierarchical analysis (Fig.5). Their vi-
sual presentation in two-dimensional space is possible through application of a prin-
cipal component analysis. The 10 criteria used are reduced to two components. The
first major component (denoted by Dimension 1 in the fviz_cluster function) includes
As content in the soil profile, sand content, and average depth of inundation. The
second major component (Dimension 2) combines the following variables: soil pH,
groundwater depth, topographic LiDAR intensity, multiresolution index of bottom
flatness (MRVBF), SAGA Wetness Index, lateral distance to the Ogosta River, and
vertical distance to the channel network. The first major component explains 27.7%
of the total variance of the variables, while the second one —22.3%.
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The contribution of each parameter to the cluster formation can be seen in Fig. 6.
The grouping of P4, P6, P11, P13 and P25 into one cluster is mainly based on the
As content and the prevalence of the sandy particle size fraction in the soil. The re-
lationship between the high concentrations of As and the sandy fraction is due to the
intensive deposition of contaminated sediments in the lower parts of the low active
floodplain and the deposition of the sandy fraction of sediments near the river bed.
The latter is the result of the gravitational sorting of sediments during river flooding
(Macklin, 1997). The piezometers P7, P9, P10, P12 and P17 come together because
of their lateral and vertical distance to the river and the depth of groundwater. The
other wells are combined under the influence of the sedimentary environment indi-
cators such as wetness index, valley bottom flatness, reflection intensity of the laser
beam from the terrain and the flooding depth. The morphology of the floodplain and
the inundation frequency are considered by Brewer et al. (2005) as primary factors
for the spatial distribution of heavy metals in the soils of the Swale River valley in
northern England. The pollution in this area is due to the transport and deposition of
waste material from the extraction of Pb, Zn and Cd in the upper reaches of the river.

After comparing and expertly evaluating the results of the two clustering meth-
ods, it was found that three of the monitoring points corresponded to a much lesser
extent to the environmental conditions of their groups. The piezometer P20, which
falls within the second cluster, exhibits a highly contaminated soil profile (4957.6
mg/kg). According to this criterion, as well as to the lateral and vertical distance to
the river, the monitoring site corresponds better to the conditions of the first group.
Although the well of P18 was assigned to the second group, given its low concentra-
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tion of arsenic in the soil (90.21 mg/kg), long distance to the Ogosta River, and high
position above the river, the piezometer should be assigned to the third group. The
presence of P17 in the third cluster, on the other hand, is quite controversial because
of the increased concentration of As in the soil (2483.5 mg/kg) and the deep position
of highly contaminated sediment layers in the vadose zone. Based on these character-
istics, the piezometer was moved to the second group. The soil at the site of P7 is also
much more contaminated compared to the rest of the piezometers in the third group.
In spite of that, the well remains in that cluster because of the low depth of ground-
water table and its usual position within sediment deposits with low As content. The
final categorisation of the wells and description of the environmental settings of each
cluster are given in the text below.

Cluster 1 includes piezometers P4, P6, P11, P13, P20 and P25, which repre-
sent 29% of all monitoring points. The soil at these sites is extremely contaminated
with an average content of As in the individual soil profiles ranging from 2,232 to
10,328 mg/kg with a mean value of 4920 mg/kg. The groundwater is usually in con-
tact with heavily contaminated sediment layers with As concentrations between 341
and 3294 mg/kg and a mean value of 1519 mg/kg. Compared to the other groups, the
monitoring sites of this cluster are located the closest to the Ogosta River river and
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Fig. 6. Loading plot of the first two components (prepared by Zvezdelina Aydarova)
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the lowest above it. The average lateral distance is calculated to be 18 m, while the
mean vertical distance is 1.7 m. The two variables are in the ranges of 1.7-60 m and
1.3-2.0 m, respectively. The piezometers of the first group are located within the low
active floodplain where the deposition of contaminated river sediment was the most
intensive during the period of industrial mining (Fig. 7). Together with the parafluvial
zone, the low active floodplain is the worst affected part of the valley floor. Based on
the features of the monitoring sites of Cluster 1, the environmental settings related
to groundwater pollution in the lower active floodplain can be specified as follows:
highly contaminated soil from the surface to the deep layers, shallow groundwater
table and predominantly sandy soil texture.

Cluster 2 consists of wells P1, P2, P3, P5, P8, P14, P15, P16, P17 and P21,
which account for 47% of all monitoring points. The average As content in the soil
profiles varies between 53 and 3874 mg/kg with a mean value of 1050 mg/kg. The
average depth of groundwater for the cluster is about 150 cm and it is most often in
contact with less contaminated sediment layers compared to the piezometers of Clus-
ter 1. The concentration of As at the average depth of groundwater in the wells varies
between 36 and 516 mg/kg with a mean value of 137 mg/kg. The terrain around these
wells is 1.2-3.5 m above the Ogosta River with an average height for the cluster of 2.2
m. Most of the piezometers are located farther from the river compared to the sites
from the first group. The average distance to the river is 72 m, which varies for the
individual wells between 11 and 163 m. Since the second cluster is formed mostly un-
der the settings of the sedimentary environment, it is not as distinctly assigned to one
of the three sections of the floodplain. In fact, the monitoring sites of this group are
shared between the low and the upper active floodplain, and this is the reason for the
wide variation of the rest of the indicators used in the clustering procedure. However,
the majority of wells fall into the upper active floodplain which is less frequently in-
undated compared to the lower active floodplain, the soil is not so contaminated, and
As concentrations decrease sharply below the topsoil (Fig.8).

Cluster 3 is represented by P7, P9, P10, P12 and P18, which account for 24%
of all piezometers. The average concentration of As in the individual soil profiles
is in the range of 29-90 mg/kg with a mean value for the group of 55 mg/kg. The
calculations do not include P7 with As content of 2520 mg/kg. The usual depth of
groundwater varies from 157 to 229 cm, while the average water level for the cluster
is at 190 cm. The concentration of As at the average depth of groundwater in the wells
is between 24 and 95 mg/kg with a mean cluster value of 50 mg/kg. The monitoring
wells in this group are located the farthest from the Ogosta River and the highest
above the river bed. The lateral distance to the main river is in the range of 185-438
m with an average value of 302 m. The third cluster occupies the higher floodplain
which has not been flooded during the mining period until now (Fig.9). Therefore,
outside the lands irrigated from the Ogosta River, arsenic concentration in the soil is
expected to be low and even within the background values. The groundwater table
is the lowest throughout the valley floor and lies within sediment deposits which are
slightly contaminated or not polluted at all. This makes the risk of contamination of
the alluvial aquifer in the higher floodplain the lowest compared to the other parts of
the valley floor.
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Representative wells were designated for each of the three clusters, which fulfil
the following criteria: reflect most closely the environmental settings of the group
with regard to groundwater potential for arsenic contamination; easy sampling ac-
cess; the highest number of data records; being outside of irrigated lands — as this
would change the conditions for arsenic migration in the vadose and phreatic zones of
the alluvial aquifer; available telemetry system — which is an advantage for providing
near real-time data on the physicochemical indicators of water. Representative pie-
zometers for Cluster 1 are P13 and P25 which are located next to the river, in highly
polluted sections of the low active floodplain. The well of P25 is equipped with an
automatic monitoring station. Cluster 2 consists of monitoring sites with a wide range
of soil contamination. The P5 and P14 sites were selected as representative piezom-
eters for this group. The PS5 site has an average concentration of As in the soil profile
0f 1098.9 mg/kg and is a typical member of the more contaminated sites in the group.
The point has the longest data set and can be easily accessed by car in all seasons.
The average content of As in the soil profile of P14 is 228.7 mg/kg and the site is rep-
resentative for the less contaminated sites in Cluster 2. A telemetry system has been
installed in this piezometer. In Cluster 3, the representative wells are P10 and P12
where some of the lowest As concentrations in the soil — 29.56 mg/kg and 28.6 mg/
kg, respectively, are measured throughout the study area. No irrigation takes place
in the sites of the two wells, unlike the P9 site, where strawberry fields are irrigated.

Assessment of groundwater vulnerability to As pollution in the Ogosta River
valley was performed using the DRESPI Index (Stoyanova, 2013; Stoyanova, Kot-
sev, 2016). The estimation included six parameters: depth to groundwater, ground-
water recharge, redox conditions in the soil, soil texture, soil pH, and thickness of
the soil cover. Three classes of low, moderate and high vulnerability of groundwater
were determined within the investigated area in the upper stretch of the Ogosta River
valley. The spatial distribution of the vulnerability classes corresponds well to the
three clusters of piezometers determined by the present study. The monitoring sites
of Cluster 1 fall into areas where the aquifer is highly vulnerable to As contamina-
tion from the soil. Moderate vulnerability was determined for the monitoring sites of
Cluster 2, except for the wells of P1 and P2 which belong to the high vulnerability
class. The piezometers of Cluster 3 are located within the area of highest protection
against As penetration into the aquifer. The groundwater in the low active floodplain
of the Ogosta River is the most vulnerable to pollution, while the groundwater in the
higher floodplain is less endangered. Singh et al. (2014) investigated the concentra-
tions of As in different geomorphological forms in the valley bottom of the Brahma-
putra River (fluvial forms — paleochannel, younger alluvial plain, active floodplain
and structural forms — high, medium and low hills). It was found that the groundwater
in geomorphological units such as paleochanel and active floodplain have the highest
concentrations of As (20.9 pg/1).

For each cluster, the expected concentration of As in groundwater has been de-
termined based on the contaminant content in the wells for the period August 2014
— August 2015 (Stoyanova, 2015a). In Cluster 1, the expected concentration of As
in groundwater is above 100 pg/l. Contaminant levels in the range 10-100 pg/l are
most likely for the wells of Cluster 2. Concentrations of As lower than 10 pg/l can be
expected in the piezometers of Cluster 3.
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CONCLUSION

Grouping of groundwater monitoring points according to the factors for arse-
nic contamination, and linking the clusters to the morphology of the floodplain is
a multi-component task where the most important part is the selection of clustering
indicators and the choice of a statistical method for data analysis. This study uses
the hierarchical method and the K-means method for grouping the monitoring wells
in the Ogosta River valley. After comparing the results of the two methods, the pro-
duced groups were found to be identical. Three categories of wells were identified
based on the clustering results and their expert assessment. Each of the categories
corresponds to specific geographical settings in the river floodplain and to certain
levels of groundwater arsenic contamination. A pair of representative piezometers
which most fully correspond to the features of the individual groups were selected
from the three clusters. Reducing the sampling points to the number of the represen-
tative sites allows optimizing the costs of the groundwater monitoring program in
the Ogosta River valley. The presented grouping makes it possible to categorise the
conditions of groundwater pollution in the valley and to bind the categories to the
main geomorphological forms in the floodplain. The conditions in the sites of Cluster
1 imply contamination of the aquifer in the low active floodplain to levels that do
not allow utilisation of groundwater for water supply and irrigation. The expected
arsenic concentrations in the upper active floodplain make the usage of groundwater
for irrigation possible, but not for drinking. The chemistry of the groundwater in the
high floodplain terrace should meet the requirements for water supply and irrigation
in terms of arsenic content. The results of the study show that geographical informa-
tion on topography, soil and hydrogeology, can be used in preliminary estimates of
contamination of alluvial aquifers. The established correspondence between the envi-
ronmental conditions and the degree of pollution can support the modelling of spatial
distribution of As in the groundwater of the Ogosta River valley.

The application of the results in practice will reduce the time and resources for
realization the monitoring activity. Linking pollution levels to the morphographic
features of the valley relief will help assess the risk of pollution and the precision
water use according to the degree of pollution.

Acknowledgements

This study is supported by the National Science Fund of Bulgaria, Grant No. 04/3, proj-
ect ARSENT. The survey also benefited from the ASCOR project which was funded by the
Bulgarian-Swiss Research Programme 2011-2016.

REFERENCES

Aller, L., T. Bennett, J. H. Lehr, R. Petty, G. Hackett (1987) DRASTIC: A standardized
system for evaluating groundwater pollution potential using hydrogeologic settings. En-
vironmental Protection Agency NWWA/EPA Series EPA-600/2-87-035

Ascar, L., I. Ahumada, P. Richter (2008) Influence of redox potential (Eh) on the availability
of arsenic species in soils and soils amended with biosolid. Chemosphere 72(10):1548-
1552

7 Ipobnemu Ha reorpadusta, 1-2/2020 . 97



Beighley, D., M. Aide, D. Dunn (2016) Arsenic In The Soil Environment: A Soil Chemistry,
Review. International Journal of Applied Agricultural Research 11:1-28

Bhattacharya, P., G. Jacks, K. Ahmed, J. Routh, A. Khan (2001) Arsenic in Groundwater
of the Bengal Delta Plain Aquifers in Bangladesh. Bulletin of Environmental Contami-
nation and Toxicology 69:538-545

Bock, M., J. Boehner, O. Conrad, R. Koethe, A. Ringeler (2007) Methods for creating
Functional Soil Databases and applying Digital Soil Mapping with SAGA GIS. In: Hen-
gl, T., Panagos, P., Jones, A., Toth, G. (Eds.). Status and prospect of soil information in
south-eastern Europe: soil databases, projects and applications. EUR 22646 EN Sci-
entific and Technical Research series, Office for Official Publications of the European
Communities, Luxemburg, pp. 149-162

Brewer, P.A., Dennis, I.A. and Macklin, M.G. (2005) The use of geomorphological map-
ping and modelling for identifying land affected by metal contamination on river flood-
plains. Defra Research and Development Report SP 0525

Bright, D., M. Dodd, K. Reimer (1996) Arsenic in sub-Arctic lakes influenced by gold mine
effluent: the occurrence of organo arsenicals and ‘hidden’ arsenic. Sci. Tot. Environ 180:
165-182

Brunt, R., L. Vasak, J. Griffioen (2004) Arsenic in groundwater: Probability of occurrence
of excessive concentration on global scale. International Groundwater Resources As-
sessment Centre. Report nr. SP 2004-1

Carraro, A., P. Fabbri, A. Giaretta, L. Peruzzoa, F. Tateo, F. Tellini (2015) Effects of
redox conditions on the control of arsenic mobility in shallow alluvial aquifers on the
Venetian Plain (Italy). Science of the Total Environment 532:581-594

Cloutier, V., R. Lefebvre, R. Therrien, M. Savard (2008) Multivariate statistical analysis of
geochemical data as indicative of the hydrogeochemical evolution of groundwater in a
sedimentary rock aquifer system. Journal of Hydrology 353:294— 313

Ehlert, K., C. Mikutta, R. Kretzschmar (2016) Effects of manganese oxide on arsenic re-
duction and leaching from contaminated floodplain soil. Environmental Science and
Technology 50:9251-9261

Frank, E. and Jr. Harrell with contributions from Charles Dupont and many others (2020)
Hmisc: Harrell Miscellaneous. R package version 4.3-1. [Online]. Available from:
https://CRAN.R-project.org/package=Hmisc [Assessed: 9.4.2020]

Gallant, J., T. Dowling (2003) A multiresolution index of valley bottom flatness for mapping
depositional areas. Water Resources Research 39(12):1347-1359

Giiler, C., D. Geoffrey, J. McCray, K. Turner (2002) Evaluation of graphical and multivar-
iate statistical methods for classification of water chemistry data. Hydrogeology Journal
10:455-474

Hossain, G., S. Reza, L. Nessa, S. Ahmed (2013) Factor and cluster analysis of water quality
data of the groundwater wells of Kushtia, Bangladesh: Implication for arsenic enrich-
ment and mobilization. Journal Geological Society of India 81:377-384

Ielpo, P., D. Cassano, A. Lopez, G. Pappagallo, V. Uricchio, P. Abbruzzese (2012) Source
apportionment of groundwater pollutants in Apulian agricultural sites using multivariate
statistical analyses: case study of Foggia province. Chemistry Central Journal 6:1-12

Jordanova, D., S. Goddu, T. Kotsev, N. Jordanova (2013) Industrial contamination of al-
luvial soils near Fe-Pb mining site revealed by magnetic and geochemical studies. Geo-
derma 192: 237-248

Kotsev, Ts., Z. Cholakova, V. Mladenova (2006) Arsenic contamination conditions of
groundwater in the floodplain of the Ogosta River. Problems of geography 3-4:85-94
(Bg)/ Koues, L., 3. Honakosa, B. Mutanenosa (2006) YciioBust Ha 3aMbpCSIBAHE C apCeH
Ha MO/IMOYBEHHUTE BOJM B 3aJIUBHATA Tepaca Ha p. Orocra. [Ipobremu na eeoepagusma,
ku.3-4, C. M3n. BAH ,,ITpod. M. [Ipunos®, c. 85-94

98



Kassambara A. and F. Mundt (2019) factoextra: Extract and Visualize the Results of Mul-
tivariate Data Analyses. R package version 1.0.6. [Online]. Available from: https://
CRAN.R-project.org/package=factoextra [Assessed: 9.4.2020]

Kumar, R., P. Riyazuddin (2008) Application of chemometric techniques in the assessment
of groundwater pollution in a suburban area of Chennai city, India. Current Science
94(8): 1012-1022

Macklin, M.G., Hudson-Edwards, K.A. and Dawson, E.J. (1997) The significance of pol-
lution from historic metal mining in the Pennine orefields on river sediment contaminant
fluxes to the North Sea. Science of the Total Environment 194/195, 391-397.

Mandaliev, P., C. Mikutta, K. Barmettler, Ts. Kotsev, and R., Kretzschmar (2014) Arse-
nic species formed from arsenopyrite weathering along a contamination gradient in cir-
cumneutral river floodplain soils. Environmental Science and Technology 48:208-2017.

Miladenova, V., T. Kotsev, I. Ivanova, Z. Cholakova, D. Dimitrova, R. Schmitt (2008)
Mineralogy of the heavy metal and metalloid pollution of the Ogosta river floodplains,
NW Bulgaria. In Proceedings of “Geosciences 2008 Conference. Sofia, Bulgaria, 11-
12 December 2008, pp. 121-122

Nickson, R., J.M. McArthur, P. Ravenscroft, W.G. Burgess, K.M. Ahmed (2000) Mecha-
nism of arsenic release to groundwater, Bangladesh and West Bengal. Applied Geochem-
istry 15:403-413

Nriagu, J. (ed) (1994) Arsenic in the Environment, Part I:Cycling and Characterization.
New York: John Wiley & Sons

Plumlee, G., K. Smith, M. Montour, W. Ficklin, E. Mosier (1999) Geologic controls on the
composition of natural waters and mine waters draining diverse mineral deposit types.
In: Plumlee, G. and Filipek, L. (eds.). Environmental Geochemistry of Mineral Deposits.
Part B: Case Studies and research topics. Littleton, CO: Society of Economic Geolo-
gists, pp. 373432

Ravenscroft, P., H. Brammer, K. Richards (2009) Arsenic pollution: a global synthesis.
Chichester UK: Wiley-Blackwell, pp. 588

Roberts, L., S. Hug, J. Dittmar, A. Voegelin, R. Kretzschmar, B. Wehrli, O. Cirpka, G.
Saha, M. Ali, A. Badruzzaman (2010) Arsenic release from paddy soils during mon-
soon flooding. Nature Geoscience 3:53-59

Simmler, M., E. Suess, I. Christl, T. Kotsev, and R. Kretzschmar (2016) Soil-to-plant
transfer of arsenic and phosphorus along a contamination gradient in the mining-impact-
ed Ogosta River floodplain. Science of Total Environment 572:742-754

Singh, R. P., N. Singh, S. Shashtri, S. Mukherjee (2014), Utilisation of satellite data in iden-
tification of geomorphic landform and its role in arsenic release in groundwater. ISPRS
Technical Commission VIII Symposium, ISPRS Annals of the Photogrammetry, Remote
Sensing and Spatial Information Sciences 2(8): 29-35

Smedley, P. (1996) Arsenic in rural groundwater in Ghana. J.Afr: Earth Sci 22:459-470

Smedley, P., M. Zhang, G. Zhang, Z. Luo (2001) Arsenic and other redox-sensitive elements
in groundwater from the Huhhot Basin, Inner Mongolia. In: Cidu, R. (ed.) Water-Rock
Interaction 10. Taylor and Francis, pp. 181-184

Smedley, P., D. Kinniburgh (2002) A review of the source, behaviour and distribution of
arsenic in natural waters. Applied Geochemistry 17:517-568

Stoilov, D. (1966) Development of the valley of the Prevalska Ogosta River through the
Quaternary. Bulletin of the Geographical Institute 10:51-73 (Bg)/ Cronmos, 1. (1966)
PasButne Ha nonmuuara Ha p. [peBancka Orocra mpe3 kBarepHepa. Mszgecmus Ha
eeozpagpckusa uncmumym, 10, c. 51-73

Stoyanova, V. (2013) Applicability of the DRASTIC type index-methods for vulnerability
assessment, of groundwater arsenic contamination. Problems of geography 3-4:83-99
(Bg)/ CrosinoBa, B. (2013) IIpunoxxumoct Ha nnaekc Metoaure oT Tuna DRASTIC 3a

99



OLICHKA Ha yS3BHMOCTTA Ha IOA3EMHUTE BOJM OT 3aMbpCsIBaHE ¢ apceH, /Ipobremu Ha
eeoepagpuama, xu. 3-4, c. §3-99

Stoyanova, V. (2015a) Vulnerability of groundwater contamination by arsenic in the flood-
plains of the Ogosta River between Martinovo village and “Ogosta” Reservoir. Thesis for
acquiring scientific and educational degree “doctor”, NIGGG-BAS, S. (Bg)/ CrosiHoBa,
B. (2015a) Va3zBuMocT Ha TpyHTOBUTE BOIM OT 3aMbBpPCABAHE C apceH B 3aJIMBHATA
Tepaca Ha peka Orocra Mexay ceno MapTuHOBO u si30BUp ,,Orocra®. [lucepranus 3a
npraoOuBaHe Ha Hay4Ha U oOpa3oBarenHa cremneH ,,jokrop™, HUI'TT — BAH, C.

Stoyanova, V. (2015b) The method DRESPI: Indicators characterizing the hydrogeolog-
ical conditions of groundwater in the Ogosta River floodplain between Martinovo
village and the “Ogosta” reservoir (NW Bulgaria). Problems of geography 3-4:73-
86 (Bg)/ CrosinoBa, B. (20156) Meroasr DRESPI. [loka3zarenu, xapakTepu3upariu
XHUJPOTECOJIOKKUTE YCIOBHSI Ha 3ajsiraHe Ha TPyHTOBUTE BOJAM B 3aJMBHATa Tepaca Ha
pexa Orocra Mexy cesto MapTHHOBO | s130BUp ,,Orocta®, [Ipobnemu na eeocpaghuama,
KH. 3-4, c. 73-86

Stoyanova V., and T. Kotsev (2016) GIS-based assessment of groundwater vulnerability
to arsenic contamination in the floodplain of the Ogosta River, NW Bulgaria. In Pro-
ceedings, 6th International Conference on Cartography and GIS, 13-17 June, Albena,
Bulgaria, pp. 668-677

Sun., G. 2004. Arsenic contamination and arsenicosa in China. Toxicology and Applied Phar-
macology 198(3):268-271

Tcherkezova, E. 2015. GIS-based delineation and regionalization of geomorphographic units
in the floodplain of Ogosta River between the settlement Gavril Genovo and the “Ogos-
ta” reservoir (NW-Bulgaria). Problems of geography 1-2:114-122

Tchorbadjieff, A., T. Kotsev, V. Stoyanova, E. Tcherkezova (2019) K-means clustering of a
soil sampling scheme with data on the morphography of the Ogosta Valley Northwestern
Bulgaria. European Journal of Geography 10(2):27-41

Welch, A., K. Stollenwerk (eds) (2003) Arsenic in groundwater. Geochemistry and occur-
rence. Dordrecht: Kluwer Academic Publishers

Williams, M., F. Fordyce, A. Paijitprapapon, P. Charoenchaisri (1996) Arsenic contami-
nation in surface drainage and groundwater in part of the southeast Asian tin belt, Nak-
hon Si Thammarat Province, southern Thailand. Environmental Geology 27:16-33

Zheng, Y., M. Stute, A. van Geen, 1. Gavrieli, R. Dhar, H. Simpson, P. Schlosser, K.
Ahmed (2004) Redox control of arsenic mobilization in Bangladesh groundwater. Ap-
plied Geochemistry 19:201-214

***GRAO (2019) Population tables by current and permanent address [Online]. Sofia. Avail-
able from: https://www.grao.bg/tna/t41nm-15-12-2019 2-4.txt [Assessed: 09/03/2020]
(Bg)/ TPAO (2019) Tabmunu Ha HACENEHHWETO O HACTOSAMI M IO ITOCTOSHEH ajpec.
[Online]. Codusa. HoctemHo oT: https://www.grao.bg/tna/t41nm-15-12-2019 2-4.txt.
[TToceren Ha: 09/03/2020].

***R Core Team (2019) R: A language and environment for statistical computing. R Founda-
tion for Statistical Computing, Vienna, Austria. URL https://www.R-project.org/.

***Mining and Processing Plant “Hristo Mihaylov” (1973) Annual report on the status of
the mine tailings pond “Hristo Mihaylov”. Martinovo Village: Mine Ore-dressing Plant
“Hristo Mihaylov”. (Bg)/ TonuieH q0Kj1aq 32 CHCTOSIHMETO HA XBOCTOXPAHMIHIIE
MOK ,,Xpucro Muxaiinos*, ceno MaptuaoBo, 1973

***Frank E Harrell Jr, with contributions from Charles Dupont and many others (2020)
Hmisc: Harrell Miscellaneous. R package version 4.3-1. https://CRAN.R-project.org/
package=Hmisc

***Alboukadel Kassambara and Fabian Mundt (2019) factoextra: Extract and Visualize the
Results of Multivariate Data Analyses. R package version 1.0.6. https://CRAN.R-proj-
ect.org/package=factoextra

100





